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Abstract. Dynamic global vegetation models (DGVMs) are
anessentialpartofcurrentstate-of-the-artEarthsystemmod-
els. In recent years, the complexity of DGVMs has increased
by incorporating new important processes like, e.g., nutrient
cycling and land cover dynamics, while biogeophysical pro-
cesses like surface radiation have not been developed much
further. Canopy radiation models are however very important
for the estimation of absorption and reﬂected ﬂuxes and are
essential for a proper estimation of surface carbon, energy
and water ﬂuxes.
The present study provides an overview of current imple-
mentations of canopy radiation schemes in a couple of state-
of-the-art DGVMs and assesses their accuracy in simulating
canopyabsorptionandreﬂectionforavarietyofdifferentsur-
face conditions. Systematic deviations in surface albedo and
fractionsofabsorbedphotosyntheticactiveradiation(faPAR)
are identiﬁed and potential impacts are assessed.
The results show clear deviations for both, absorbed and
reﬂected, surface solar radiation ﬂuxes. FaPAR is typically
underestimated, which results in an underestimation of gross
primary productivity (GPP) for the investigated cases. The
deviation can be as large as 25% in extreme cases. Devia-
tions in surface albedo range between −0.15≤1α ≤0.36,
with a slight positive bias on the order of 1α ≈0.04. Poten-
tialradiativeforcingcausedbyalbedodeviationsisestimated
at −1.25≤RF≤−0.8 (Wm−2), caused by neglect of the di-
urnal cycle of surface albedo.
The present study is the ﬁrst one that provides an as-
sessment of canopy RT schemes in different currently used
DGVMs together with an assessment of the potential impact
of the identiﬁed deviations. The paper illustrates that there
is a general need to improve the canopy radiation schemes
in DGVMs and provides different perspectives for their im-
provement.
1 Introduction
Land surface models are one of the required tools for un-
derstandinglandsurfacedynamics,land–atmosphereinterac-
tions and climate–carbon feedbacks, and are an essential part
ofdynamicglobalvegetationmodels(DGVMs).DGVMsare
widely used to assess climate change impacts on vegetation
distribution and terrestrial carbon, water and energy ﬂuxes
and feedbacks of the biosphere in the Earth system as well as
climatic consequences of land cover change (Friedlingstein
et al., 2006; Brovkin et al., 2013a). Given the major policy
implications for climate change mitigation, much attention is
placed on the performance and realism of these models, re-
sulting in an increased overall complexity. At the same time,
among land surface models, there is no consensus on impor-
tant aspects of the carbon cycle in a future climate (Sitch
et al., 2008).
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DGVMs typically represent the land surface dynamics in
a simpliﬁed manner. For practical reasons they represent
small-scale processes using large-scale variables. In doing
so, different models make different approximations in their
representation of processes. The relevance and realism of
several approximations and their potential implications for
the range of projections found have been discussed else-
where as far as it concerns the ecology (Harrison et al.,
2010; Van Bodegom et al., 2012) and soil carbon dynam-
ics (Ostle et al., 2009). However, also in their representation
of exchanges of energy (radiation and heat), models differ
widely and occasionally have been implemented differently
for albedo and fraction of absorbed photosynthetic active ra-
diation (faPAR) calculations. Most models are conﬁned to
one-dimensional (vertical) exchange of radiation, mostly re-
lying on solutions derived from two-stream approximations
based on plane-parallel turbid media assumptions, like those
of Sellers (1985).
The transfer of radiation within canopies is complicated
by multiple scattering of radiation, mutual shadowing, varia-
tions in leaf orientations and crown closure, as well as vari-
able optical properties. Sprintsin et al. (2012) have shown
that neglecting, e.g., the differences between sunlit and shad-
owed leaves in canopy radiative transfer (RT) schemes re-
sults in a signiﬁcant underestimation of the canopy-level
gross primary production (GPP). A similar study analyz-
ing the impact of a revised canopy RT scheme in the ISBA
land surface model has been documented by Carrer et al.
(2013). In addition, full 3-D radiative transfer models ex-
ist for canopies as well as landscapes (Gastellu-Etchegorry
etal.,2004;KobayashiandIwabuchi,2008),butthesecannot
be used directly in DGVMs due to their high computational
demand and the high number of required (vegetation struc-
tural) parameters. Numerically fast 1-D models with a lim-
ited number of required input parameters are therefore still
preferably used.
These 1-D models simplify radiative complexities caused
by vegetation clumping, representing the concentration of
vegetation and thus canopy scattering and absorption within
a given area. This leads to so-called effective variables (Wid-
lowski et al., 2005; Rochdi et al., 2006; Pinty et al., 2006).
However, neither 1-D approach has been incorporated con-
sistently within the currently state-of-the-art DGVMs. Alter-
native 1-D models have been developed that assume large-
scale canopy elements as having simple shapes (e.g., spher-
ical crowns) and give analytical solutions for the calculation
of surface ﬂuxes using a 1-D model (Dickinson et al., 2008;
Haverd et al., 2012).
Given these complications, there is increasingly a call
to systematically evaluate and benchmark DGVMs
(Abramowitz et al., 2008; Luo et al., 2012; Hagemann
et al., 2013; Brovkin et al., 2013b). Benchmark analysis
is essential for identifying uncertainties in predictions as
well as for guiding priorities for further model development
(Blyth et al., 2011). Despite the importance of heat and
energy exchange in DGVMs as major drivers of surface
temperatures and carbon productivity, current benchmark
analyses do not yet account for energy budgets. Where
benchmark initiatives consider albedo and faPAR, sepa-
rately – and thus from an RT point of view, potentially
inconsistently – Earth observation products are proposed as
candidate benchmarks (Luo et al., 2012; Hagemann et al.,
2013).
There is thus a need to assess the consistency and accu-
racy of radiative transfer schemes in DGVMs and to assess
the potential impact of uncertainties in the widely used radia-
tive transfer models on surface energy ﬂuxes and carbon pro-
duction estimates, which so far have not been quantiﬁed for
widely used DGVMs. Such assessment requires physically
consistent three-dimensional radiative transfer formulations
as a reference. Such reference simulations are provided by,
e.g., the Radiative Transfer Model Intercomparison Initiative
(RAMI) (Pinty et al., 2001; Pinty, 2004; Widlowski et al.,
2007).
Here, we aim at a show case to (i) assess the capabilities of
canopy RT formulations, used in state-of-the-art DGVMs, to
simulate consistently canopy absorption and reﬂectance for
idealized reference cases, (ii) assess at which conditions the
used canopy RT schemes (and their simpliﬁcations) might
lead to major biases in faPAR and/or albedo estimates, and
(iii), importantly, to assess the potential implications thereof
for net irradiance and carbon productivity estimates.
The present study therefore does not aim at global-scale
evaluation of DGVMs. Global-scale model benchmarking
activities mainly focus on the evaluation of models in sim-
ulating the spatial and temporal patterns of land surface dy-
namics at climatological timescales (Brovkin et al., 2013b;
Hagemann et al., 2013). The current study is complemen-
tary to these global scale evaluation studies as it explicitly
assesses the accuracy of different canopy RT schemes un-
der different, well-deﬁned conditions. It therefore aims at an
evaluation of the models on a process scale, rather than look-
ing at large-scale, global impacts.
The study does not however provide a full assessment of
the impact of deﬁcits in canopy RT schemes on global carbon
and energy ﬂuxes in coupled Earth system models on longer
timescales, as this would require a much more comprehen-
sive analysis than the one provided in the present study.
Thus the overall objective of this paper is to raise aware-
ness of the relevance of canopy radiation and surface albedo
schemes in globally applied land surface schemes being used
in a wide range of applications.
2 Data and methods
2.1 Representation of canopy RT in DGVMs
GlobalDGVMsimulationsaretypicallyperformedoncoarse
spatial resolutions with model grid cell sizes on the order of
Biogeosciences, 11, 1873–1897, 2014 www.biogeosciences.net/11/1873/2014/A. Loew et al.: DGVM canopy radiation 1875
102 to 108 km2 and long time periods (decades to millenia).
To represent surface processes – including radiative transfer
– at the sub-grid scale, a tiling (mosaic) approach is widely
used where surface processes are simulated on tiles of N in-
dividual plant functional types (PFT) and where results are
combined to a model grid box average by area-weighted av-
eraging. Plant functional types provide a means of using a ﬁ-
nite set of model parameters to simulate plants with simi-
lar ecological behavior (Diaz and M., 1997; Prentice et al.,
2007). The analysis of the present study focuses on the per-
formance of canopy RT models and assumes that a grid cell
is covered by a single land cover type (N = 1).
The applications of DGVMs demand a numerically sta-
ble and fast canopy radiative transfer scheme. Simple 1-D
canopy RT schemes or parametric approaches are therefore
used in DGVMs instead of more computationally demand-
ing 3-D RT schemes. A 1-D model is understood here as
a model where the surface state variables (e.g., leaf area,
leaf reﬂectance and absorption properties) vary only along
a single coordinate axis (typically the z direction). Note
that this is not related to the spatial integration needed for
ﬂux calculations. When integrating over the upper and lower
hemispheres, the model is called a two-stream model. How-
ever, angular integrations can also be made only for parts
of spheres, resulting then in a four-stream model for half
spheres and an M stream solution for M numbers of sub-
spaces. If M is large, a bidirectional reﬂectance model (BRF)
is obtained (Gobron et al., 1997).
A turbid medium assumption is widely used for 1-D
canopy simulations, where foliage elements are assumed to
be point like scatterers – leaves are assumed to have an in-
ﬁnitely small size – randomly and uniformly distributed, and
typically stems and branches are neglected. The gaps within
canopies can be expressed by the gap probability (Pgap),
which is deﬁned as the probability of a beam at the sun zenith
angle θ hitting the ground without interacting with canopy
elements. In other words, it is the ratio between the uncol-
lided radiation ﬂux and the incident radiation (Haverd et al.,
2012) and represents the domain-averaged direct transmis-
sion. In the case of a horizontally homogeneous canopy with
randomly distributed leaves (and no foliage), Pgap follows
a Poisson distribution and is given by
Pgap(θ,3) = e−G(θ)·3/µ, (1)
where µ = cos(θ), 3 is the leaf area index (LAI) (m2m−2)
and G(θ) is the mean projection of unit leaf area in the direc-
tion perpendicular to the incoming beam. Often a spherical
leaf angle distribution is assumed, which results in G(θ) =
0.5.
This representation of Pgap is widely used in DGVMs and
applies to all models investigated in this study. While Eq. (1)
is a good approximation of Pgap for closed canopy cases, it
has been recognized that it overestimates canopy absorption
for open (non-uniform) canopies (Pinty et al., 2006; Chen
et al., 2008; Haverd et al., 2012). To account for non-uniform
distributions,aso-calledclumpingfactor0 <  < 1hasbeen
introduced for use in a one-dimensional radiative transfer
model. The gap probability is then calculated as
Pgap(θ,3) = e−(θ)G(θ)·3/µ = e
˜ 3(µ), (2)
where ˜ 3(µ) is an effective leaf area index that reproduces
the correct canopy RT ﬂuxes using a 1-D formulation instead
of a 3-D model (Pinty et al., 2006).
The fraction of absorbed photosynthetic radiation (faPAR)
is a crucial variable in DGVM carbon ﬂux simulations. Ig-
noring horizontal ﬂuxes (Widlowski et al., 2006), faPAR is
deﬁned as the fraction of radiation absorbed by the canopy
elements (foliage and woody parts) in the photosynthetic ac-
tive electromagnetic spectrum (=VIS) and is deﬁned by con-
sidering the energy balance as
faPAR = 1−
PARα
PARi
−(1−αs)
PART
PARi
, (3)
where PARi is the incident down-welling PAR at the top of
the canopy, PARα is the reﬂected component, PART is the
total transmission through the canopy and αs is the albedo
of the soil. A ﬁrst-order approximation to faPAR is given
by assuming that the leaves and soil are completely black
(i.e., all radiation incidents on them is absorbed). In this case
PARα = 0 and PART/PARi = Pgap, which yields:
faPAR(θ,3) = 1−Pgap = 1−e−(θ)G(θ)·3/µ. (4)
However, if the optical properties of the canopy elements
are non-zero, then the exact solution becomes more complex
as it must consider multiple scattering within the canopy, and
between the crown and the ground if the soil albedo is also
non-zero. Among the various currently used faPAR approxi-
mation schemes Eq. (4) was shown to provide the least sys-
tematic bias (Widlowski, 2010).
Ideally, a 1-D RT scheme would also consider the pro-
portion of direct illumination and shading at different levels
in the canopy, as this has potentially signiﬁcant impacts on
photosynthesis (Mercado et al., 2009). This entails splitting
the incoming solar radiation into direct and scattered compo-
nents (Spitters et al., 1986) and calculating the amount of en-
ergy intercepted at each canopy layer that is from the direct
component that has not previously been scattered (i.e., the
sunlit fraction), and the diffuse and multiply scattered com-
ponents (i.e., the shaded fraction). Multiple scattering is typ-
ically neglected in simple canopy RT schemes employed in
DGVMs. Two of the three models investigated in the present
studyconsiderhowevermultiplescatteringwithinthecanopy
and between the ground and vegetation layers.
Most DGVMs use a parametric 1-D RT scheme that
is somewhere within the range of complexities described
above. However, more complex 1-D schemes are available.
In general the added complexity is in the form of extra detail
in the description of canopy structure. These models range
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from Monte Carlo ray tracing, which explicitly computes the
path of a large number of photons through the vegetation
canopy (Disney et al., 2000), to geometric optic techniques
that treat the tree crowns as a distribution of geometric prim-
itives and calculate the proportion of illuminated and vege-
tated parts of the scene (Li and Strahler, 1986). Ray tracing
models are unlikely to be practical for directly embedding
them in DGVMs, although they are useful tools for validat-
ing simpler models. Some models based on geometric op-
tics are viable however. An example is the ACTS (Analyti-
cal Clumped Two-Stream) model (Ni-Meister et al., 2010),
which is derived from the GORT (Geometric Optic Radia-
tive Transfer) model (Ni et al., 1999). The approach used is
to consider the canopy as a forest of randomly distributed
spheroids ﬁlled with leaves. The probability of a photon en-
tering a crown is calculated from geometric optic theory and
thenscatteringistreatedasa1-DRTproblemsimilartothose
described elsewhere in this section.
2.2 Handling sparse vegetation (open canopies)
in DGVMs
Despite the existence of concepts to account for vegeta-
tion clumping using geometric optics, more simpliﬁed ap-
proaches to handle sparse vegetated canopies have been im-
plemented in DGVMs and are widely used. Figure 1 shows
a model grid cell with unit area A, which is assumed to be
fully covered by a particular PFT. The area A corresponds to
the reference ground area for the leaf area index of the PFT.
In the case of sparse vegetation types like, e.g., savannas, the
vegetated area is typically covered by a dominant plant func-
tional type (e.g., trees), understory vegetation (e.g., shrubs,
grass) or bare soil. In the process of converting land cover
information, as is available from satellite products, a parti-
tioning between these different components is made (Poulter
et al., 2011). The total area A is thus deﬁned as
A = fveg +funder, (5)
where fveg is the fractional coverage of the major PFT and
funder can correspond to a different PFT or soil surface. It is
important to recognize that funder is different from the gap
probability Pgap(θ = 0), as gaps within the dominant canopy
are not considered in funder, therefore Pgap(θ = 0) ≥ funder.
In other words, a common concept in DGVMs is to approxi-
mate Pgap as
˜ Pgap(3) ≈ funder +g(3(t)), (6)
where g(3) is a function that estimates the gaps within the
canopy of the dominant vegetation type and might change
over time t as a function of leaf area index 3, while funder is
static (examples of the investigated models are given in the
following section). Note that while Pgap in Eq. (1) is a func-
tion of illumination conditions (θ), this is not the case for
˜ Pgap in Eq. (6).
𝑓 ??? 
𝗼??𝑖𝑙 
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Fig. 1. Illustration of the difference between vegetation fraction
(fveg) and gap probability (Pgap(θ = 0)) for a model grid cell that
is assumed to be totally vegetated.
2.3 Models
The present study uses three different DGVMs, which are
used in renowned Earth system models that all contribute to
the Coupled Model Intercomparison Projects on a regular ba-
sis (Meehl et al., 2007; Taylor et al., 2012). These models use
different canopy radiative transfer schemes that are represen-
tative of the canopy RT models widely used in DGVMs. It
is therefore expected that results from this study can also be
generalized to other models which are using similar canopy
RT schemes.
2.3.1 JULES
JULES is the Joint UK Land Environment Simulator, a land
surface model designed to predict the ﬂuxes of heat, water
and carbon between the land surface and the atmosphere. It
originates from the Met Ofﬁce Surface Exchange Scheme
(MOSES) and is designed to be linked to the UK Met Of-
ﬁce Uniﬁed Model. The fundamental equations underlying
the model are common to many land surface schemes and are
described in detail elsewhere (Best et al., 2011; Clark et al.,
2011). In addition, JULES allows for a coupling with a gen-
eral circulation model (GCM) and provides optional mod-
ules that allow longer term processes such as succession of
plant functional types to be taken into account. These allow
it to be used to simulate the response of the land surface to
changing climatic conditions. In particular this includes the
TRIFFID (Top-down Representation of Interactive Foliage
and Flora Including Dynamics) dynamic vegetation model
(Cox, 2001).
The canopy radiative transfer scheme in JULES is based
onthetwo-streamapproximationproposedbySellers(1985),
which translates into consistent calculations of surface
albedo and canopy absorption. Sellers (1985) provides an
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analytical solution for the two-stream model given as
−µ
dI↑
dL
+[1−(1−β)ω]I↑ −ωβI↓ = ωµτβ0e−τL
µ
dI↓
dL
+[1−(1−β)ω]I↓−ωβI↑ = ωµτ(1−β0)e−τL, (7)
where I↑ (I↓) are the upward and downward diffuse ra-
diation ﬂuxes normalized by the incoming radiative ﬂux,
τ = G(µ)/µ is the optical depth and ω = r +t the single
scattering albedo. β and β0 are upscatter parameters for the
diffuse and direct beams, respectively, µ is the average in-
verse optical depth per unit leaf area and L corresponds to
the cumulative leaf area index. For details on the solution of
Eq. (7) see Sellers (1985).
JULES is the only one of the analyzed models that does
a consistent simulation of absorbed and scattered radiation.
Direct and diffuse radiation ﬂuxes are computed individually.
The leaf scattering and extinction properties are prescribed
by the leaf reﬂectance (r), and single scattering albedo (ω)
and multiple scattering within the canopy as well as between
the soil and vegetation is considered. JULES uses a number
of layers, as deﬁned by the user, with equally distributed LAI
density to simulate the canopy radiative transfer for the direct
and diffuse ﬂux components. Here an n = 20 layer model
has been used, which is the default for JULES. A sensitiv-
ity analysis of the JULES canopy RT model revealed that
the simulated surface reﬂectance is not sensitive to the num-
ber of layers. The simulated faPAR shows some sensitivity
to the number of canopy layers. For n < 10, larger devia-
tions in estimated faPAR occur for θ > 50 and large values
of LAI (3 > 4). Using n = 20 layers results in similar simu-
lation results as using n = 100 layers and is therefore a good
compromise between stability and numerical performance.
The scheme of Sellers (1985) used here is from JULES
version 3.2. An earlier version (2.1) was used in the
RAMI4PILPS exercise (Widlowski et al., 2011) and was
found to give analogous results (not shown here).
2.3.2 JSBACH
The DGVM JSBACH (Raddatz et al., 2007; Brovkin et al.,
2009; Reick et al., 2013) is implicitly coupled to ECHAM6,
the atmospheric component of the Max Planck Institute for
Meteorology Earth System model (Stevens et al., 2013). It
simulates all relevant land surface water, energy and car-
bon ﬂuxes. The present study uses version 2.03 of JSBACH,
which is comparable to the model version that was used for
the Coupled Model Intercomparison Project (CMIP5) exper-
iments (Taylor et al., 2012). A validation of global-scale en-
ergy and water ﬂux components of MPI-ESM CMIP5 simu-
lations is given in Hagemann et al. (2013) and Brovkin et al.
(2013b). The JSBACH model has two independent schemes
for calculating surface albedo and canopy absorption.
Albedo
The surface albedo of a vegetated area (αveg) is calculated as
a weighted sum of the leaf albedo (αle) and soil background
albedo (αs) as
αveg(3,αs,αle) =
 
1−sky(3)

αle +sky(3)αs. (8)
Soil albedo αs depends on soil color and the soil litter
content (Vamborg et al., 2011). A PFT-speciﬁc leaf albedo
(αle) as well as the soil background albedo was derived from
MODIS observations (Otto et al., 2011).
The sky-view factor (sky), which weights between
canopy and soil albedo, is calculated assuming a random
leaf-angle distribution as
sky(3) = 1−

fvegmax ·

1−e−0.53

, (9)
where 0 ≤ fvegmax ≤ 1 is the fraction of a model grid cell
with vegetation for 3 → ∞, which is similar to fveg in
Fig. 1. Note that sky is independent of the sun zenith an-
gle in this parameterization, which therefore does not allow
us to simulate mutual shadowing in the canopy or its effect
on surface albedo, neither the diurnal dependency of surface
albedo nor multiple scattering effects.
Canopy absorption
FaPAR is calculated in JSBACH using the 1-D two-stream
approximation based on Sellers (1985), similar to JULES.
The faPAR is calculated for direct and diffuse radiation com-
ponents separately using n = 3 canopy layers with equally
distributed leaf densities. Further assumptions are that the
leaf reﬂectivity and transmissivity are equal (r = t = const).
The canopy single-scattering albedo is assumed to be ω =
const = 0.12. Note that this is independent of the leaf albedo
used for the albedo calculations. A spherical leaf angle dis-
tribution (G(θ) = 0.5) is also assumed in JSBACH, which is
similar to JULES. Multiple scattering effects are taken into
account, similar to JULES.
To account for sparse vegetation, faPAR is corrected
for the vegetation fraction fveg. This vegetated fraction is
parametrized for each plant functional type as
fveg(3max) = 1−exp

−
3max
γ

, (10)
where 3max and γ are PFT-speciﬁc parameters representing
the maximum leaf area index for a particular PFT and an em-
pirical clumping parameter, respectively. The calculation of
fveg(3max) for faPAR calculations is therefore slightly dif-
ferent than for the calculation of the surface albedo but also
independent of the solar zenith angle.
While the assumptions for the canopy radiative transfer
simulations and technical implementations are different be-
tweenJSBACHandJULES,itcanbeshownthatbothmodels
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provide nearly identical results for faPAR when parametrized
in the same way.
The JSBACH RT scheme allows to account explicitly for
gaps within the canopy. It is assumed that, due to canopy
gaps, only a fraction fclump < 1 of the canopy area is actu-
ally covered with leaves. The radiative transfer simulations
are then calculated with an effective LAI (3eff = 3/fclump).
Note that the leaf area index used for the canopy radiative
transfer simulations is therefore larger than the original leaf
area index (3eff > 3). The simulated radiation ﬂuxes are
therefore rescaled by multiplying by fclump after the 1-D RT
calculations have been performed. To assess the impact of
this clumping on the simulations in the present study, two
different JSBACH model versions (with/without clumping)
are evaluated.
2.3.3 ORCHIDEE
ORCHIDEE (ORganizing Carbon and Hydrology In Dy-
namic EcosystEms) is a land surface model that simulates the
energy and water ﬂuxes of soil and vegetation, the terrestrial
carbon cycle, and the vegetation composition and distribu-
tion (Krinner, 2005).
ORCHIDEE is used as the land surface scheme of the
IPSL Earth system model. A global model validation is de-
scribed in Dufresne et al. (2013) for the CMIP5 simulation
experiments. We use ORCHIDEE version 1.9.5.2 (revision
816). No changes have been introduced to the calculation of
albedo and faPAR since the version that was used for the
CMIP5 simulations (Dufresne et al., 2013). The calculation
of the light absorbed by vegetation and vegetation albedo is
calculated in two independent schemes.
Albedo
The albedo calculation in ORCHIDEE is the same as in JS-
BACH (Eq. 8). Only the PFT-speciﬁc canopy albedo dif-
fers slightly compared to JSBACH. The soil background
albedo has been derived from a database of soil colors in
the standard setup of ORCHIDEE according to Wilson and
Henderson-Sellers (1985).
Canopy absorption
The faPAR is not a standard output variable in ORCHIDEE.
The light absorbed by the canopy is calculated by means
of Beer’s law assuming a constant extinction coefﬁcient
(G(θ) = 0.5) for all PFTs and assuming an exponential pro-
ﬁle of leaf area index (3∗) within the vertical canopy proﬁle.
FaPAR is calculated once and stored in a look-up table. The
calculation is independent of the solar zenith angle
faPAR(3∗) = 1−e−0.53∗
. (11)
The vertical distribution of LAI is calculated using n =
20 different canopy layers. The LAI for a given layer i is
calculated as
3∗(i) = 3max
e0.15(i−1) −1
e0.15n −1
, (12)
whereas 3max = 12 [m2m−2], independent of the PFT used.
The parameter 3max is empirical and the value of 12
(m2 m−2) gives the value of LAI for the last index of the tab-
ulated LAI. This value has been chosen as a maximum value
that is unrealistic to occur in reality. Thus all possible LAI
values can be covered.
The actual LAI, as calculated dynamically by a phenology
model, is compared to this precomputed proﬁle to determine
the number of canopy layers, which is thus not ﬁxed in OR-
CHIDEE. The LAI for this layer is then used to compute fa-
PARusingEq.(11).Amaximumnumberof20canopylayers
is reached at the theoretical LAI of 3∗(20) = 12 (m2m−2).
2.4 RAMI4PILPS experiments
The RAMI4PILPS suite of virtual experiments was de-
signed to evaluate the accuracy and consistency of short-
wave RT formulations (as used in DGVMs) under per-
fectly controlled experimental conditions. More speciﬁcally,
RAMI4PILPS prescribed a series of virtual canopy sce-
narios having accurately described structural, spectral and
illumination-related characteristics. For these test cases, RT
model simulations have been generated as a reference using
a Monte Carlo approach. The Monte Carlo model in ques-
tion had been extensively veriﬁed during previous RAMI
phases, e.g., Widlowski et al. (2007). Models participating in
the RAMI4PILPS benchmarking exercise (Widlowski et al.,
2011) had to simulate the canopy albedo, transmission and
absorption in both the visible and near-infrared spectral do-
mains. The resulting data were evaluated against the 3-D
Monte Carlo reference solution.
Contrary to efforts comparing model simulations against
in situ observations at speciﬁc test sites, the RAMI4PILPS
approach eliminates uncertainties arising from incomplete
or erroneous knowledge of (1) the structural, spectral, and
illumination-related characteristics of the canopy target, and
(2) the uncertainties introduced into the reference solution by
calibration, sampling and upscaling errors (Fig. 2).
The complexity of the RAMI4PILPS scenes was adapted
to the typical capability of available shortwave RT formu-
lations. More speciﬁcally, RAMI4PILPS proposed two ho-
mogeneous plant canopy types, i.e., grasslands (GRA) and
closed forest canopy (CFC) scenes that differ only in their
predominant leaf orientations as well as in the height of the
canopy. This corresponds to the idealized case of a 1-D tur-
bid medium, where 1-D canopy radiative transfer schemes
are expected to perform best.
In addition, RAMI4PILPS proposed two heterogeneous
canopy scenarios where tree crowns were approximated by
woodless spheres, i.e., a shrubland (SHR) and an open for-
est canopy (OFC) scene that differed only in their size of
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Fig. 2. Schematic depictions of RAMI4PILPS scenes: closed forest canopies, grasslands, 3-D shrublands and 3-D open forest canopies (left
to right).
the spheres, the height of the canopy, and the degree of
mutual shading between neighboring crowns (Fig. 2). De-
tails of the RAMI4PILPS experiments used in the present
study are summarized in Table 1, while further details of the
RAMI4PILPS experiments can be found in Widlowski et al.
(2011). For each scenario, simulations for different leaf ar-
eas and varying soil brightness are performed, assuming di-
rect insulation for three different sun zenith angles as well as
isotropic illumination conditions.
2.4.1 Interfacing with RAMI4PILPS
To enable all three models to simulate the RAMI4PILPS
scenes, the experiment parameters were implemented as fol-
lows:
– Single scattering albedo: JULES uses the vegeta-
tion single scattering albedo (ω) as an input. It was
calculated from the RAMI4PILPS leaf reﬂectance
and transmittance as ω = r +t = 0.1301. JSBACH as-
sumes ω to be constant for calculation of canopy ab-
sorption. The standard value used in JSBACH simu-
lations (ω = 0.12) was also used in the present study.
The impact of this assumption was however tested by
comparing JSBACH simulations with ω = 0.12 and
ω = 0.1301. A minor impact on the results of this
study was found, indicating the minor importance of
ω for the present study. The leaf albedo (αle) and soil
albedo (αs) were both obtained from Table 1. OR-
CHIDEEdoesnotuseanyinformationaboutthesingle
scattering albedo.
– Snow-covered areas: One of the RAMI4PILPS sim-
ulations assumes snow below the canopy (SNW). In
these cases, the soil albedo was replaced by the snow
albedo. No snow on the canopy was simulated as this
was not foreseen in the RAMI4PILPS experiments.
– Open vs. closed canopies: Open canopies consist of
vegetated and non-vegetated (soil) patches, as dis-
cussed before. The RAMI4PILPS experiment descrip-
tion contains information on the fractional area cov-
ered by vegetation (fveg) as well as the amount of un-
collided radiation (Pgap(θ = 0)).
All models rely on the assumption of a plane-parallel
turbid media, which prohibits direct application to
opencanopies.Opencanopiesarechallengingtosimu-
late for 1-D RT models and require effective RT model
parameters,asdiscussedinSect.2.1.Theappliedmod-
els try to mimic open canopies by correcting by the
area fraction covered by vegetation, as discussed be-
fore.
The vegetation fraction fveg was therefore obtained
from the RAMI4PILPS experiment setup (Table 1).
The soil albedo αs was used for the understory. For JS-
BACH we set fvegmax = fveg. The surface albedo for
open canopies was calculated for JSBACH and OR-
CHIDEE by using Eq. (8), while for JULES the sur-
face albedo was calculated as
αveg(αs,αle,fveg) = fvegαle +(1−fveg)αs, (13)
where αle is calculated by the JULES RT model.
The total faPAR was calculated in a similar way by
weighting the faPAR calculated by the RT models
(faPARcanopy) by the actual area fraction covered by
vegetation as
faPAR = fveg ·faPARcanopy. (14)
The spectral deﬁnition in all models and in RAMI4PILPS
is consistent. The solar spectrum was divided into two broad
spectral bands (VIS: 400 to 700nm, NIR: 700 to 3000nm).
Both bands were analyzed for albedo in this study, while only
the VIS band was used for the faPAR analysis.
2.5 Impact assessment – does it matter?
This paper aims at identifying systematic deviations for
albedo and faPAR for well-established DGVMs and to pro-
vide guidance for estimating the impact of these deviations
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Table 1. Summary of experiment parameters (see Wildowski et al., 2011, for details); different soil backgrounds are speciﬁed as BLK=black,
MED=Medium, SNW=snow, difference canopy types are speciﬁed as GRA=grassland, CFC=closed forest canopy, SHR=shrubland,
OFC=open forest canopies.
Experiment GRA CFC SHR OFC
Vegetation type Homog. grass Closed forest Shrubs 3-D Open forest
LAIcanopy (m3m−3) 1/2/4 1/2/4 2.5/2.5/2.5 5.0/5.0/5.0
LAIscene (m3m−3) 1/2/4 1/2/4 0.25/0.50/1.00 0.5/1.5/2.5
αs,VIS/αs,NIR BLK: 0., 0./MED: 0.1217, 0.2142/SNW: 0.9640, 0.5568
αle,VIS/αle,NIR 0.0735/0.3912
tleaf,VIS/tleaf,NIR 0.0566/0.4146
Sun zenith angle (deg) 27.4643/60.0/83.5289/isotropic
fveg 1/1/1 1/1/1 0.1/0.2/0.4 0.1/0.3/0.5
1−Pgap(θ = 0) 1/1/1 1/1/1 0.068/0.136/0.273 0.088/0.26244/0.437
on global climate simulations and carbon ﬂux estimates.
A comprehensive impact assessment would, however, re-
quire detailed knowledge of the spatial distribution of fa-
PAR and albedo deviations and their consideration in cou-
pled models, with all else being the same including LAI and
all other vegetation variables. This is far beyond the scope of
the present paper.
It is however of major importance for further model devel-
opment to raise awareness of potential impacts of the identi-
ﬁed deviations. We will detail in the following how we per-
formed straightforward calculations for a ﬁrst assessment of
potential impacts caused by deviations in RT schemes. These
are likely to affect net photosynthesis ﬁrst by differences in
absorbed radiation through the canopy at a given LAI and
second through heat exchange between the land surface and
the atmosphere through albedo. Whereas DGVM behavior
with respect to energy, water and carbon exchange will be
affected in multiple other ways, we constrained our assess-
ment to these two prime targets. This impact assessment is
expected to provide an initial estimate of direct and poten-
tial impacts for surface energy and carbon ﬂuxes. More com-
plex analyses using coupled climate models would however
be needed for a proper impact assessment on global spatial
and century time scales.
2.5.1 Potential impacts of RT scheme differences
on the C cycle
In order to evaluate the potential implications of differences
in canopy faPAR proﬁles, induced by different canopy RT
schemes, we determined net photosynthesis rates for each of
the virtual experiments of the closed forest canopy case only
(CFC). We made this constraint because the photosynthesis
calculations in combination with the representation of faPAR
for different layers of the canopy are likely only valid for
the closed forest canopy case, given the assumptions made
in the photosynthesis schemes adopted in most DGVMs. To
determine net photosynthesis estimates, we chose the Far-
quhar scheme as described by von Caemmerer (2000), which
is representative of the photosynthesis schemes in current
DGVMs. According to this scheme, net photosynthesis is
the minimum of CO2-limited photosynthesis and photosyn-
thesis as limited by the availability of ribulose bi-phosphate
(RuBP), the latter being driven by absorbed radiation, cor-
rected for dark respiration.
We evaluated this scheme for two representative closed
canopy situations under typical clear sky conditions in sum-
mer, following Widlowski et al. (2011). The two selected sit-
uations coincide with a tropical forest with a solar zenith an-
gle at local noon (2noon) of 15◦ and a boreal (presumably
evergreen needle-leaved) forest with 2noon = 50◦. For these
situations, and the given sun zenith angles of the virtual ex-
periment, the total incident shortwave radiation at noon was
calculated according to Wang et al. (2002). When combined
with the faPAR proﬁles through the canopy, this provided
the absorbed photosynthetic active radiation (aPAR) in each
canopy layer. Coupling aPAR to the Farquhar scheme pro-
vided a CO2-limited and light-limited photosynthesis rate
in each canopy layer. The minimum of these represents the
net photosynthesis rate, which was summed across all layers
to provide the net photosynthesis rate (µmolCm−2s−1) for
a given virtual experiment. Absolute differences between net
photosynthesis rates between the RAMI4PILPS scenes and
each of the DGVMs were compared.
The Farquhar scheme was parameterized according to
Sharkey et al. (2007), which currently provides the most
comprehensive analysis of the variables involved. Estimates
of the maximum rates of Rubisco carboxylase activity
(Vcmax) and the maximum rates of photosynthetic electron
transport (Jmax), were however taken to represent the mean
observed values at a reference temperature of 25 ◦C for tropi-
cal broadleaved evergreen forests and boreal (needle-leaved)
evergreen forests, according to the TRY database ((Kattge
et al., 2011) and Domingues et al. (2010)), as compiled by
Verheijen et al. (2013). Dark respiration was scaled to Vcmax.
The used calculation scheme neglects effects of water, ther-
mal or nutrient limitations. Maximum canopy productivity
rates (Jmax, Vcmax) are, however, based on observed mean
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values that may implicitly take some of these limitations into
account.
2.5.2 Surface radiation budget
Surface albedo directly affects the net surface radiation bud-
get and thus indirectly also near surface temperature. To
quantify the inﬂuence of a factor that changes the balance of
incoming and outgoing energy in an Earth–atmosphere sys-
tem, the concept of radiative forcing (RF) has been devel-
oped (IPCC, 2007). Radiative forcing has been widely used
to quantify the global impact of regional changes in surface
albedo (Hall and Qu, 2006; Pongratz et al., 2009; Lenton and
Vaughan, 2009; Bright et al., 2012) and can be calculated in
various ways. Here, we applied a simple method to estimate
RF (Bright et al., 2012; Cherubini et al., 2012).
Effect of albedo biases
The radiative forcing calculated in this study is understood
as a disturbance of radiation ﬂuxes caused by variations in
surface albedo. The estimates calculated in this study must
thereforenotbecompareddirectlywithestimatesofradiative
forcing from different forcing agents like those used, e.g.,
in coupled climate model assessments (IPCC, 2007). The
albedo-induced radiative forcing RFαp is related to a change
in planetary albedo αp as
RFαp = −R
↓
TOA1αp, (15)
where R
↓
TOA (Wm−2) is the incoming solar radiation ﬂux
at the top of the atmosphere (TOA). The change in plane-
tary albedo is linearly related to a change in surface albedo
(Lenton and Vaughan, 2009). The corresponding radiative
forcing is then given by
RFαs = −R
↓
TOA0l
a 1αs, (16)
where0
l
a isthetwo-wayatmospherictransmissivityforsolar
radiation that is given as the product of the downward (0↓)
and upward (0↑) atmospheric transmissivities. 0↑ was pa-
rameterizedintwoways.Similartopreviousstudiesfocusing
on radiative forcing (Lenton and Vaughan, 2009; Cherubini
et al., 2012), we assumed a constant value of 0↑ = 0.854.
This global mean value is based on the assumption that the
outgoing shortwave ﬂux leaves the atmosphere given clear
sky conditions. Alternatively, we assumed that under cloudy
skyconditions,theupwardanddownwardatmospherictrans-
missivities are equal (0↑ = 0↓).
The TOA solar radiation ﬂux can be calculated for a par-
ticular point on Earth using simple formulations (Widlowski
et al., 2011; Bright et al., 2012). The atmospheric one-way
downward transmissivity 0
↓
a can be derived from shortwave
surface all-sky (R
↓
surf) and TOA ﬂux (R
↓
TOA) estimates as
available from satellite data products (Rossow and Zhang,
1995; Posselt et al., 2012; Loeb et al., 2012) as
0↓ = R
↓
surf/R
↓
TOA (17)
Let us now assume that we observe a surface albedo bias
(1αs) for a particular plant functional type (PFT) and that
this PFT covers a fraction fpft of a model grid box; then the
total radiative forcing for the Earth with surface area A =
510×106 (km2) is given using Eq. (16) by integrating over
the surface area as
RFtot=−
1
A
Z
A
fpft(a)R
↓
TOA(a)0↓
a (a)0↑
a(a)1αs(a)da, (18)
where “a” is a spatial index. If 1αs is assumed to be con-
stant (time/space independent) for a particular PFT, then the
sensitivity to surface albedo changes can be deﬁned as
∂RFtot
∂1αs
= λ = −
1
A
Z
A
fpft(a)R
↓
TOA(a)0↓
a (a)0↑
a (a)da (19)
which can be calculated for each combination of PFT frac-
tion fpft and 0
↑
a and 0
↓
a .
Table 2 provides global mean estimates of the one-way
atmospheric transmissivity (0↓) as well as global means of
R
↓
TOA andR
↓
surf basedonvariousdatasourcesoverlandareas.
The one-way atmospheric transmissivity ranges from 0.41 ≤
0↓ ≤ 0.58, dependent on the data set.
Figure A4 shows the mean ﬁelds of R
↓
surf and the estimated
one-way transmissivity over land as derived from CERES
EBAF (v2.6) (Loeb et al., 2012). Using Eq. (19) and values
in Table 2 one can estimate the radiative forcing caused by
an albedo change for a given distribution of plant functional
types.
Impacts of neglecting the diurnal cycle on radiative
forcing
The surface albedo can change substantially throughout the
day due to its dependency on the solar zenith angle. The JS-
BACH and ORCHIDEE surface albedo models are represen-
tative of a wide range of albedo models applied in DGVMs.
These models do not simulate the surface albedo diurnal be-
havior, which may affect the surface radiation budget.
The surface albedo can be expressed as a weighted average
between the so called black-sky albedo (BSA) and the albedo
for complete isotropic diffuse radiation (white sky albedo,
WSA) (Lewis and Barnsley, 1994; Schaepman-Strub et al.,
2006) as
αblue(fdir,θ) = fdirαBSA(θ)+(1−fdir)αWSA, (20)
wherefdir (–)corresponds tothe fraction ofthe directsurface
solar radiation ﬂux.
The surface albedo models of JSBACH and ORCHIDEE
are based on the white sky albedo (αWSA). To assess the
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Table 2. Summary of atmospheric one-way or two-way transmissivity as derived from different sources. Input ﬂuxes used for the transmis-
sivity estimates are provided. Values are for land areas only.
Data set 0
↓
a R
↓
TOA R
↓
surf Reference
(–) (Wm−2) (Wm−2)
Trenberth et al. (2009) 0.47 341 161 Trenberth et al. (2009)
ISCCP-FD 0.45 330.1 147.2 Trenberth et al. (2009)
ERA-40 0.41 330.3 134.3 Trenberth et al. (2009)
JRA 0.47 328.2 154.9 Trenberth et al. (2009)
Bright et al. (2012) 0.45 – – Bright et al. (2012)
CERES EBAF2.6 0.58 324.7 188.1 This study
potential impacts of neglecting the diurnal cycle in sur-
face albedo calculations, we used the difference between the
albedo given by Eq. (20) and αWSA, which is given as
1α(fdir,θ) = αWSA −αblue = fdir(αWSA −αBSA(θ)) (21)
Assuming clear sky conditions, we calculated the surface
solar radiation ﬂux R
↓
surf for each latitude φ and day of the
year using the MAGIC atmospheric RT code (Mueller et al.,
2012; Posselt et al., 2012). Required atmospheric aerosol and
water vapor content were taken from climatological mean
values (Kinne et al., 2013).
The temporal average RF disturbance due to neglecting
the diurnal cycle of α, averaged over a time period T, is then
given as
RFtot=−
1
T
1
A
Z
A
fpft(a)
T Z
0
R
↓
surf(t,a)0↑
a (t,a)1α(t,a)dtda . (22)
We calculated Eq. (22) by using either 0
↑
a = const =
0.854 (Lenton and Vaughan, 2009) or by assuming that
0↑(t,a) = 0↓(t,a), where the one-way downward transmis-
sivity was obtained from Eq. (17) assuming clear sky condi-
tions and as calculated by MAGIC. The fraction of direct sur-
face radiation ﬂux (fdir) was calculated from monthly clima-
tologies of direct and total radiation ﬂuxes as obtained from
satellite radiation products and provided by the NASA At-
mospheric Data Center (https://eosweb.larc.nasa.gov/). The
global radiative forcing RFtot was calculated for each day
(T = 24h) and two different PFT distributions (tree, grass)
as derived from MODIS vegetation. Continuous ﬁelds were
used (DiMiceli et al., 2011) that provide fpft for each grid
cell.
2.5.3 Consistency of canopy absorption and reﬂection
calculations
The canopy radiative transfer needs to fulﬁll the law of con-
servation of energy. Following Eq. (3) this is deﬁned as
1−αveg −(1−αs)0can −faPAR = 0, (23)
where 0 ≤ 0can ≤ 1 is the one-way canopy transmission. The
canopy RT schemes in the used DGVMs differ in how they
simulate canopy absorption and reﬂection as discussed be-
fore. Two models (JSBACH, ORCHIDEE) use separate ap-
proaches for the simulation of canopy absorption and reﬂec-
tion, which might lead to a lack of energy conservation in
these models.
To test the energy conservation, the canopy one-way trans-
missivity would be needed as model output. This is however
not available from all of the investigated models. We there-
fore adopted a simpler approach to test in general for energy
conservation of the used canopy RT schemes. From Eq. (23)
it follows that
0can =
1−faPAR−αveg
1−αs
. (24)
To test if the models are in general energy conserving, we
investigated if 0can from Eq. (24) is within its physically de-
ﬁned limits (0 ≤ 0can ≤ 1), which is the most conservative
approach.
3 Results
3.1 Canopy absorbed radiation
The investigated models generally underestimate the radi-
ation absorbed in the canopy for the RAMI4PILPS exper-
iments analyzed (Fig. 3). Especially for the open canopy
cases (SHR, OFC), a strong underestimation of faPAR is ob-
served with increasing negative bias for an increasing solar
zenith angle. The 1-D canopy RT models without clumping
(JULES, JSBACH no-clumping) perform best for the closed
canopy cases (CFC, GRA), as expected.
Some positive biases are observed for the isotropic
(ISO) illumination conditions for JULES and JSBACH no-
clumping. In general, results of these models are almost iden-
tical due to the same basis for the canopy RT simulation code
as discussed in Sect. 2.3.
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Fig. 3. Differences of faPAR between canopy RT models and RAMI4PILPS for different experiments (model-RAMI4PILPS); columns corre-
spond to different leaf area or vegetation fraction and soil brightness (see Table 1) while rows correspond to different illumination sun zenith
angles (degree); ISO=isotropic illumination (θ); Triangles correspond to different models: left=ORCHIDEE, right=JULES, top=JSBACH,
bottom=JSBACH without clumping
Fig. 3. Differences in faPAR between canopy RT models and
RAMI4PILPS for different experiments (RAMI4PILPS model);
columns correspond to different leaf areas or vegetation frac-
tions and soil brightness (see Table 1), while rows corre-
spond to different illumination sun zenith angles (degree);
ISO=isotropic illumination (θ); triangles correspond to differ-
ent models: left=ORCHIDEE, right=JULES, top=JSBACH, bot-
tom=JSBACH without clumping.
3.1.1 Does it matter?
Deviations in net photosynthesis due to differences in the fa-
PAR canopy proﬁle for the RAMI4PILPS reference scene
vs. each of the models strongly depend on the virtual experi-
ment (Fig. 4). On average, deviations are largest for θ = 60◦,
where deviations in faPAR are considerable, while incident
radiation is still high enough to support net photosynthe-
sis (in contrast to θ = 83◦). Moreover, the differences in net
photosynthesis strongly increase with increasing LAI, when
more leaf surface is available for photosynthesis. Finally, the
impacts are also larger for the boreal forest (2noon = 50) and
slightly increase with increasing albedo, although the latter
effects are minor.
Depending on the model and even within a given model
setting, differences in calculated net photosynthesis can be
both negative and positive. The largest deviations occur for
ORCHIDEE, with both overestimations as well as underes-
timations of net photosynthesis rates, although overestima-
tions by ORCHIDEE predominated. Net photosynthesis esti-
mates according to JSBACH are on average lower than those
for the RAMI4PILPS reference proﬁles. The deviations in
net photosynthesis for JSBACH no-clumping and JULES are
minor overall, indicating a good performance of the canopy
1-D RT schemes in these cases. This is expected, because the
closed canopy corresponds to the idealized case where the 1-
D RT schemes are supposed to perform best. Overall, JULES
performed the best of all the models, although even for this
model substantial deviations occur.
These deviations in net photosynthesis rates can be consid-
erable, up to 10µmolCm−2s−1, corresponding to up to 25%
of the photosynthesis rates. These conditions (with high LAI
and θ = 60◦) commonly prevail. Therefore, the impacts for
the total calculated carbon budget are likely to be similarly
large, which implies that the deviations in faPAR proﬁles
detected in the current study are of critical importance for
global carbon cycle studies. At lower incident radiation con-
ditions, e.g., for θ = 83◦, deviations even amount to more
than 75%. However, given the lower incident radiation and
consequently lower net photosynthesis, their impacts on the
global carbon balance will be less.
3.2 Surface albedo
Figure 5 shows deviations of simulated surface albedo com-
pared to RAMI4PILPS reference solutions for the entire so-
lar spectrum (0.3 to 3.0µm). Deviations in the entire solar
spectrum are of particular importance as these determine the
net effect on the surface radiation budget. More details on the
separate deviations in the visible and infrared spectral bands
are provided in the Appendix (Figs. A1 and A2).
The closed canopy experiments (CFC, GRA) show very
similar results, as expected given that they only differ in their
leaf orientation (random vs. erectophile). The largest devia-
tions from the RAMI4PILPS references solutions are found
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Fig. 4. Deviations in GPP for closed forest canopies as derived from differences in canopy radiation proﬁles between RAMI4PILPS and
canopy RT schemes. Columns correspond to different leaf area and soil brightness, while rows correspond to different sun zenith angles for
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Table 3. Radiative forcing sensitivity (∂RF/∂∆α) for different radiation datasets as derived from eq. (19) for different global radiation
datasets used to estimate the one-way atmospheric transmissivity and different assumptions on the calculation of Γ
↑
Radiation data λtree [Wm
−2] λgrass [Wm
−2]
Γ
↑ = 0.854 Γ
↑ = Γ
↓ Γ
↑ = 0.854 Γ
↑ = Γ
↓
(Trenberth et al., 2009) -7.0 -4.2 -16.0 -10.3
ISCCP-FD -6.7 -4.0 -15.4 -9.9
ERA-40 -6.1 -3.7 -14.0 -9.0
JRA -7.0 -4.2 -16.0 -10.3
Bright et al. (2012) -6.7 -4.0 -15.4 -9.9
CERES EBAF (v2.6) -7.6 -4.7 -18.7 -12.4
Mean ± 1σ -6.86 ± 0.45 -4.13 ± 0.30 -15.91 ± 1.41 -10.30 ± 1.03
Mean per PFT -5.50 -13.11
Global mean (tree & grass) -9.31
on RFtot, also a different choice in the parameterization of
Γ↑ results in deviations of ≈ 15%.
3.3 Consistency of surface energy ﬂuxes
Energy conservation was evaluated for the different exper- 930
iments following section D. Results are illustrated in Fig-
ure D.1. The JSBACH and ORCHIDEE models are not en-
ergy conservative for high leaf area and bright background
(SNW). The JSBACH model shows clear deviations for the
closed canopy cases (CFC,GRA) for almost all experiments 935
with bright background.
The JULES model is the only model which is simulating
the canopy RT ﬂuxes in a consistent manner. No obvious vi-
olation of the energy conservation is found for JULES.
It needs to be emphasized however that the energy conser- 940
vation might be violated also in the cases where the calcu-
lated canopy transmission is within its physical limits (0 ≤
Γcan ≤ 1). It can however not be quantiﬁed in this study as
the canopy transmission information is not available for the
different models. JSBACH and ORCHIDEE estimates for 945
Γcan often differ from those of JULES by a factor of two
or more. If we assume that JULES simulations are closest to
energy conservation it is rather likely these models would not
beenergyconservingforexperimentswherealargedeviation
from the transmission estimates of JULES is observed. 950
Fig. 4. Deviations in GPP for closed forest canopies as derived from differences in canopy radiation proﬁles between the RAMI4PILPS and
canopy RT schemes. Columns correspond to different leaf areas and soil brightness, while rows correspond to different sun zenith angles for
tropical (2noon = 15) and boreal (2noon = 50) conditions. Triangles correspond to different models.
for bright surface background (SNW) for the JSBACH and
ORCHIDEE models. Deviations for these two models are
between 0.18 ≤ 1α ≤ 0.25 for SNW experiments. In con-
trast, the JULES albedo simulations show much smaller de-
viations for all closed canopy experiments (−0.03 ≤ 1α ≤
0.02). Also here, largest deviations are observed for bright
backgrounds.
For soils with medium albedo (MED), the deviations are
smaller for JSBACH and ORCHIDEE. Positive biases are
obtained for isotropic conditions and small solar zenith an-
gles (−0.01 ≤ 1α ≤ 0.06). For large solar zenith angles,
JULES shows minor deviations, while JSBACH and OR-
CHIDEE show a negative bias of 1α = −0.06. While the de-
viations for JSBACH and ORCHIDEE become smaller with
an increasing leaf area index for bright surfaces, due to an
increased masking of the bright background, 1α increases
with increasing LAI for the medium bright soils.
Open forest canopies (OFC) and shrubland (SHR) simu-
lations show larger deviations than the closed canopy cases.
Large positive deviations (0.07 ≤ 1α ≤ 0.36) are observed
for the snow-covered cases, with increasing deviations with
increasing solar zenith angle. The larger deviations result
from a lack of the representation of canopy shadowing ef-
fects in all of the canopy RT models, resulting in an overes-
timation of the simulated surface albedo. For medium soils,
a positive bias is observed for all models. The deviations are
larger (0.01 ≤ 1α ≤ 0.06) than for the closed canopies and
an increase in 1α with increasing leaf area index is observed.
3.2.1 Does it matter?
Effect of systematic albedo biases
It was shown in the previous section that the investigated
models show albedo biases of −0.27 < 1α < 0.36. The ex-
treme deviations however occur typically either at very large
sun zenith angles or at open forest canopies with snow as
a background. In the case of snow-free and closed canopies,
the typical albedo biases for isotropic illumination condi-
tions and small solar zenith angles are on the order of 0.02 <
1α < 0.05 for closed canopies.
The impact of albedo biases on the calculated radiative
forcing sensitivity (λ) is summarized in Table 3. The mean
radiative forcing sensitivity for trees (grassland) is −5.5
(−13.11) (Wm−2). Thus a change in surface albedo of, e.g.,
1α = 0.04 would correspond to a radiative forcing of −0.22
(−0.52) (Wm−2). The use of different global radiation data
sets as input has a minor impact on the radiative forcing es-
timates. The standard deviation of RF caused by different
radiation data is 0.3 ≤ σ ≤ 0.45 (1.03 ≤ σ ≤ 1.41) for trees
(grassland). However, much larger differences are observed
for different assumptions for 0↑. For clear sky conditions
(0↑ = const), the radiative cooling effect is 50 to 60% larger
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Fig.5.DeviationsofsimulatedsurfacealbedofromRAMI4PILPSreferencesolutions(αmodel−αref)forthesolarspectrum(0.3...4.0µm).
Details of ﬁgure are the same as for Figure 3.
Fig. 5. Deviations of simulated surface albedo from RAMI4PILPS
reference solutions (αmodel −αref) for the solar spectrum (0.3 to
4.0µm). Details of the ﬁgure are the same as for Fig. 3.
than for cloudy skies (0↑ = 0↓). It is therefore expected that
the radiative forcing for the two investigated PFT types will
be somewhere in between these two extremes.
Figure 6 shows the spatial distribution of the temporal
mean radiative forcing sensitivity for tree and grassland for
both assumptions of 0↑. The much larger RF sensitivity for
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Fig. 6. Impact of a systematic albedo difference of ∆α = 0.04 on radiative forcing for tree cover (top) and grassland (bottom), using CERES
solar radiation ﬂux (R
↓
surf) and different upward atmospheric one-way atmospheric transmissivity: Γ
↑ = const (left), Γ
↑ = Γ
↓ (right)
4 Discussion
DGVMs are widely used to simulate land surface dynamics
in coupled Earth System models, to assess the role of the
biosphere in the Earth System and to study global water, en-
ergy and carbon ﬂuxes. This paper aims to raise awareness 955
of potential problems and impacts associated with different
canopy radiative transfer schemes and their impacts on car-
bon ﬂuxes and global climate simulations.
Large deviations in faPAR were found. In most cases, fa-
PAR was underestimated with up to 60% underestimation 960
in open canopy cases with high solar zenith angles and/or
snow as a background. Only in a few instances higher fa-
PAR than in the RAMI4PILPS reference were found (typ-
ically in closed canopy cases with low zenith angles or
isotropic insulation). Moreover, deviations were strongly 965
model-dependent. JSBACH and ORCHIDEE consistently
had the highest (negative) biases. This suggests that a two-
stream approximation such as proposed by Sellers (1985) or
other consistent treatments of radiative transfer are essential
forobtainingunbiasedfaPARcalculationsPintyetal.(2006). 970
For surface albedo, largest deviations in surface albedo
were observed in case of bright background albedo (SNW),
for both open and closed canopies. High deviations (∆α >
0.2) were diagnosed for the simpliﬁed surface albedo
schemes implemented in JSBACH and ORCHIDEE. The 975
albedo model of JULES only shows minor deviations
(−0.03 ≤ ∆α ≤ −0.01) for closed canopy cases, but also
large deviations for the open canopy cases. For surfaces with
a typical soil background and a closed canopy, the 1D canopy
RT model of JULES is superior compared to the simple 980
albedo schemes of JSBACH and ORCHIDEE which have
an albedo bias which is twice to ﬁve times larger than the
JULES albedo bias.
The simpliﬁed surface albedo schemes of JSBACH and
ORCHIDEE do not take into account the diurnal variabil- 985
ity in surface albedo. Isotropic insulation conditions are as-
sumed instead. The impact of this assumption on global scale
was therefore analyzed. While the applied assessment of ra-
diative forcing is simple, we use state-of-the art observations
to get a most realistic assessment of RFtot and its uncer- 990
tainties. The developed framework can be used in general to
estimate radiative forcing effects of temporally invariant as
well as changing surface albedo biases.
While we have identiﬁed faPAR and albedo biases by
comparing to RAMI4PILPS experiments, it needs to be em- 995
phasized that the RAMI4PILPS experiments provide ideal-
ized cases of canopies and that real surfaces and vegetation
patches are much more complicated. For instance, none of
the analyzed canopy RT schemes is capable to take into ac-
count large scale vegetation structural effects, like e.g. mu- 1000
Fig. 6. Impact of a systematic albedo difference of 1α = 0.04 on
radiative forcing for tree cover (top) and grassland (bottom), us-
ing CERES solar radiation ﬂux (R
↓
surf) and different upward at-
mospheric one-way atmospheric transmissivity: 0↑ = const (left),
0↑ = 0↓ (right).
grassland is mainly due to its larger spatial coverage glob-
ally as well as due to the higher abundance in tropical areas
with large insulation. For trees, the highest radiative cooling
is observed in the tropics, with a secondary maximum in bo-
real regions, which is mainly during the boreal summer.
Given the similarity in albedo bias for closed forest and
grassland canopies, compared to RAMI4PILPS references,
the radiative forcing of the forest and grassland PFTs might
be summed. The global mean RF sensitivity is therefore
−9.31 (Wm−2), assuming equal probability for the two pa-
rameterizations of atmospheric transmissivity. For a typi-
cal albedo bias of 1α = 0.04, this would result in RFtot =
−0.37 (Wm−2).
Diurnal effects
Figure 7 shows the seasonal cycle of the changes in radia-
tive forcing caused by neglecting the albedo diurnal cycle for
grassland and tree-covered areas for different leaf areas and
parameterizations of the upward atmospheric transmissivity
(0↑).
The maximum radiative cooling effect is −1.25 < RFtot <
−0.8 (Wm−2). The radiative cooling is mainly caused by
large albedo biases in tropical areas and changes substan-
tially throughout the year.
Withincreasingleaf-areaindex,theradiativeforcingeffect
increases, which can be explained by different reﬂectances
in the VIS and NIR domains as a function of LAI. While the
albedo decreases in the VIS with increasing leaf area index
(darkening), the albedo in the NIR increases, which results in
an overall increase in the surface albedo and thus the radia-
tive effect with an increasing LAI. In general, the radiative
cooling by grassland areas is higher than for tree-covered
areas due to their different spatial distribution. The annual
mean radiative forcing is −0.61 (−0.53) and −0.84 (−0.73)
for a leaf-area index of one and four, respectively, assuming
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Table 3. Radiative forcing sensitivity (∂RF/∂1α) for different radiation data sets as derived from Eq. (19) for different global radiation data
sets used to estimate the one-way atmospheric transmissivity and different assumptions about the calculation of 0↑.
Radiation data λtree (Wm−2) λgrass (Wm−2)
0↑ = 0.854 0↑ = 0↓ 0↑ = 0.854 0↑ = 0↓
Trenberth et al. (2009) −7.0 −4.2 −16.0 −10.3
ISCCP-FD −6.7 −4.0 −15.4 −9.9
ERA-40 −6.1 −3.7 −14.0 −9.0
JRA −7.0 −4.2 −16.0 −10.3
Bright et al. (2012) −6.7 −4.0 −15.4 −9.9
CERES EBAF (v2.6) −7.6 −4.7 −18.7 −12.4
Mean±1σ −6.86±0.45 −4.13±0.30 −15.91±1.41 −10.30±1.03
Mean per PFT −5.50 −13.11
Global mean (tree and grass) −9.31
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Fig. 7. Difference in radiative forcing (cooling) due to neglecting the diurnal cycle for surface albedo schemes for global tree and grass cover
and different leaf area (columns). Different rows correspond to different parameterizations of the shortwave upward one-way atmospheric
transmissivity (Γ
↑). Values in parentheses correspond to global mean values.
tual shadowing or the scattering between multiple canopy el-
ements.
4.1 Do we (need to) care?
Existing representations of shortwave radiative ﬂux esti-
mates in DGVMs have been developed throughout the last 1005
decades. Developing a DGVM always requires prioritization
of resources between different model components. Recent
DGVMs become more and more complex and incorporate
complex carbon ﬂuxes and nutrient cycling. In the past, a
lot of attention has been devoted towards an improvement 1010
of especially the biochemical components in DGVMs (Goll
et al., 2012; Zaehle and Friend, 2010; Brovkin et al., 2012),
whereas biophysical components, like the canopy RT have
been neglected because no study had analyzed systematically
the major caveats of existing schemes so far. While model 1015
benchmarking and evaluation studies detail particular devia-
tions of model results compared to observations and assess a
(relative) model skill (Gleckler et al., 2008; Luo et al., 2012;
Brovkin et al., 2013b; Hagemann et al., 2013), they typically
don’t provide an assessment of potential impacts of the ob- 1020
served model deﬁcits.
It was therefore one of the objectives of the present study
to provide an assessment of the implications due to a choice
for a particular canopy radiative transfer scheme. Answering
the question “Does it matter?” is of particular importance 1025
when decisions on further DGVM development need to be
made with limited resources.
The differences in faPAR discussed in the previous sec-
tion do not translate straightforwardly into differences in net
photosynthesis, and depend on total radiation and the extent 1030
to which CO2 or light is limiting photosynthesis in different
canopy layers (which again depends on the maximum capac-
ity of the light and CO2 limited photosynthesis pathways and
on faPAR proﬁles through the canopy). Here, we only eval-
uated the impacts on net photosynthesis for some of the best 1035
(i.e. least deviating) cases, i.e. for closed forest canopies. We
chose this setting, because the assumptions of the implemen-
tation of the Farquhar-photosynthesis scheme in DGVMs
only apply to closed (forest) canopies. In that sense, it is im-
portant to recognize that some impacts on net photosynthesis 1040
Fig. 7. Difference in radiative forcing (cooling) due to neglecting
the diurnal cycle for surface albedo schemes for global tree and
grass cover and different leaf areas (columns). Different rows corre-
spond to different parameterizations of the shortwave upward one-
way atmospheric transmissivity (0↑). Values in parentheses corre-
spond to global mean values.
0↑ = const (0↑ = 0↓). While the LAI and seasonal cycle
have the largest impacts on RFtot, a different choice in the
parameterization of 0↑ also results in deviations of ≈ 15%.
3.3 Consistency of surface energy ﬂuxes
Energy conservation was evaluated for the different exper-
iments following Appendix D. Results are illustrated in
Fig. A5. The JSBACH and ORCHIDEE models are not en-
ergy conservative for high leaf areas and bright backgrounds
(SNW). The JSBACH model shows clear deviations for the
closed canopy cases (CFC, GRA) for almost all experiments
with bright backgrounds.
The JULES model is the only model that simulates the
canopy RT ﬂuxes in a consistent manner. No obvious viola-
tion of the energy conservation is found for JULES.
It needs to be emphasized however that the energy con-
servation might also be violated in the cases where the cal-
culated canopy transmission is within its physical limits (0 ≤
0can ≤ 1).Itcanhowevernotbequantiﬁedinthisstudyasthe
canopy transmission information is not available for the dif-
ferent models. JSBACH and ORCHIDEE estimates for 0can
often differ from those of JULES by a factor of 2 or more.
If we assume that JULES simulations are closest to energy
conservation, it is rather likely that these models would not
be energy conserving for experiments where a large devia-
tion from the transmission estimates of JULES is observed.
4 Discussion
DGVMs are widely used to simulate land surface dynam-
ics in coupled Earth system models, to assess the role of the
biosphere in the Earth system and to study global water, en-
ergy and carbon ﬂuxes. This paper aims to raise awareness
of potential problems and impacts associated with different
canopy radiative transfer schemes and their impacts on car-
bon ﬂuxes and global climate simulations.
Large deviations in faPAR were found. In most cases, fa-
PAR was underestimated with up to 60% underestimation
in open canopy cases with high solar zenith angles and/or
snow as a background. Only in a few instances were higher
faPAR than in the RAMI4PILPS reference found (typically
in closed canopy cases with low zenith angles or isotropic in-
sulation). Moreover, deviations were strongly model depen-
dent. JSBACH and ORCHIDEE consistently had the highest
(negative) biases. This suggests that a two-stream approxi-
mation such asproposed by Sellers(1985) or other consistent
treatments of radiative transfer are essential for obtaining un-
biased faPAR calculations Pinty et al. (2006).
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For surface albedo, the largest deviations in surface albedo
were observed in the case of bright background albedo
(SNW), for both open and closed canopies. High devia-
tions (1α > 0.2) were diagnosed for the simpliﬁed surface
albedo schemes implemented in JSBACH and ORCHIDEE.
The albedo model of JULES only shows minor deviations
(−0.03 ≤ 1α ≤ −0.01) for closed canopy cases, but also
large deviations for the open canopy cases. For surfaces
with a typical soil background and a closed canopy, the 1-
D canopy RT model of JULES is superior compared to the
simple albedo schemes of JSBACH and ORCHIDEE, which
have an albedo bias that is twice to ﬁve times larger than the
JULES albedo bias.
The simpliﬁed surface albedo schemes of JSBACH and
ORCHIDEE do not take into account the diurnal variabil-
ity in surface albedo. Isotropic insulation conditions are as-
sumed instead. The impact of this assumption on a global
scale was therefore analyzed. While the applied assessment
of radiative forcing is simple, we use state-of-the art observa-
tions to get the most realistic assessment of RFtot and its un-
certainties. The developed framework can be used in general
to estimate radiative forcing effects of temporally invariant
as well as changing surface albedo biases.
WhilewehaveidentiﬁedfaPARandalbedobiasesbycom-
paring them to RAMI4PILPS experiments, it needs to be em-
phasized that the RAMI4PILPS experiments provide ideal-
ized cases of canopies and that real surfaces and vegetation
patches are much more complicated. For instance, none of
the analyzed canopy RT schemes is capable of taking into ac-
count large-scale vegetation structural effects like, e.g., mu-
tual shadowing or the scattering between multiple canopy el-
ements.
4.1 Do we (need to) care?
Existing representations of shortwave radiative ﬂux esti-
mates in DGVMs have been developed throughout the last
decades. Developing a DGVM always requires prioritiza-
tion of resources between different model components. Re-
cent DGVMs become more and more complex and incorpo-
rate complex carbon ﬂuxes and nutrient cycling. In the past,
a lot of attention has been devoted towards an improvement
of especially the biochemical components in DGVMs (Goll
et al., 2012; Zaehle and Friend, 2010; Brovkin et al., 2012),
whereas biophysical components, like the canopy RT, have
been neglected because no study had analyzed systematically
the major caveats of existing schemes so far. While model
benchmarking and evaluation studies detail particular devia-
tions of model results compared to observations and assess
(relative) model skill (Gleckler et al., 2008; Luo et al., 2012;
Brovkin et al., 2013b; Hagemann et al., 2013), they typically
do not provide an assessment of potential impacts of the ob-
served model deﬁcits.
It was therefore one of the objectives of the present study
to provide an assessment of the implications due to a choice
of a particular canopy radiative transfer scheme. Answering
the question “Does it matter?” is of particular importance
when decisions on further DGVM development need to be
made with limited resources.
The differences in faPAR discussed in the previous section
do not translate straightforwardly into differences in net pho-
tosynthesis, and depend on total radiation and the extent to
which CO2 or light limits photosynthesis in different canopy
layers (which again depends on the maximum capacity of the
light and CO2-limited photosynthesis pathways, and on fa-
PARproﬁlesthroughthecanopy).Here,weonlyassessedthe
impacts on net photosynthesis for some of the best (i.e., least
deviating) cases, i.e., for closed forest canopies. We chose
this setting because the assumptions about the implementa-
tion of the Farquhar photosynthesis scheme in DGVMs only
apply to closed (forest) canopies. In that sense, it is impor-
tant to recognize that some impacts on net photosynthesis
(discussed below) may be even worse for open shrub or for-
est canopies, let alone for situations where one PFT literally
grows on top of another, affecting the light regime of the one
below.
Moreover, given that the differences in faPAR are situa-
tion and model speciﬁc, the impacts are also expected to dif-
fer for various regions and models. Thus, we selected two
commonly closed canopy cases (boreal forests and tropical
forests), which we parameterized with representative radia-
tion at the top of canopy and maximum photosynthesis ca-
pacities. In contrast to faPAR, net photosynthesis was most
affected at medium zenith angles (when radiation at the top
of the canopy was still high) and high LAI (while faPAR was
almost unaffected by LAI). While in this study net photo-
synthesis rates and their biases were not integrated to diurnal
values, conditions of medium zenith angle occur commonly
and large deviations in net photosynthesis estimates are thus
expected. These deviations were on average stronger for the
boreal forest than for the tropical forest case.
Likely, these deviations have been partly captured by tun-
ing maximum photosynthesis rates (which may explain their
deviations from the observed means (Kattge et al., 2011; Ver-
heijen et al., 2013)). Even so, given that the magnitude and
direction differ between different model experiments, tuning
will not allow capturing of regional biases. While other fac-
tors like biases in precipitation also likely contribute to re-
gional differences in GPP estimates between DGVMs and
ﬂux observation-derived estimates (Beer et al., 2010), our re-
sults suggests the importance of incorporating consistent and
adequate radiative transfer schemes.
Likewise a typical surface albedo bias on the order of
1α = 0.04 results in a mean radiative forcing of RFtot =
−0.22(−0.52) (Wm−2) for trees (grasslands). In addition
it was shown in Sect. 3.2.1 that neglecting the diurnal cy-
cle results in a radiative cooling of between −1.25 and −0.8
(Wm−2), dependent on the leaf area index and atmospheric
opacity model chosen. While an actual assessment of the
radiative forcing effect would require simulations with a
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coupled (land–atmosphere) climate model, the provided val-
ues are likely to provide a realistic range of RFtot estimates.
These radiative forcing effects correspond to considerable
cooling, which is mainly caused by tropical land areas. This
emphasizes that the diurnal cycle cannot be neglected for
albedo calculations. Especially in tropical areas, where the
insulation conditions change strongly throughout the day and
solar insulation is high, a large effect on RFtot is observed.
It needs to be emphasized that these results for net photo-
synthesis and radiative forcing are only valid for some vege-
tation settings and are tailored to provide only the order of
magnitude of the impact of faPAR and surface albedo bi-
ases on net photosynthesis and radiative forcing. They should
therefore be considered as a ﬁrst step towards a more thor-
ough analysis of the impact of biases in canopy RT schemes
in DGVMs. To quantify the impact on global and regional
scales as well as for longer timescales it would be required
to couple different canopy RT schemes in an Earth system
model and perform dedicated simulations to assess differ-
ences in global energy, water and carbon ﬂuxes. While this is
beyond the scope of the present study, we outline some ways
forward that could lead to an improvement in DGVM canopy
radiation ﬂux estimates.
4.2 A way forward?
A combination of different approaches could lead to a gen-
eral improvement in the representation of canopy radiation
ﬂuxes in DGVMs.
– Model evaluation is essential for any model develop-
ment. Only once the target is clearly deﬁned and ac-
curate reference solutions are available, can the poten-
tial biases in canopy RT schemes be rigorously iden-
tiﬁed. In the case that tolerance criteria are speciﬁed
that allow us to judge the relevance of deviations be-
tween models and a deﬁned reference, model evalu-
ation studies can determine the urgency of new de-
velopments to improve relevant model formulations
(Widlowski et al., 2013). Speciﬁc test cases like those
provided by RAMI4PILPS are required for that pur-
pose as well as large-scale model evaluation stud-
ies (Hagemann et al., 2013; Brovkin et al., 2013b).
The current RAMI4PILPS experiments provide a very
idealized setup that does not represent real canopies
in a realistic manner. To approach a fully quantita-
tive and realistic assessment of canopy RT schemes
in climate models, several aspects are of particular
importance: (a) snow cover strongly affects the sur-
face albedo. Current RAMI4PILPS experiments as-
sume snow only below the canopy, while the surface
albedo of a model grid cell is largely determined by
snow on top and within the canopy. It is therefore
recommended to represent snow cover dynamics in
a more realistic way in RAMI4PILPS. (b) To allow for
an appropriate assessment of the impact of biases in
surface albedo and faPAR, it is important to provide
reference solutions that cover a large variety of illu-
mination conditions (representation of diurnal cycle)
and that provide information on the reﬂected and ab-
sorbed ﬂuxes, also within distinct canopy layers. This
is required, e.g., for the quantiﬁcation of the effect of
the faPAR bias on net photosynthesis as discussed. (c)
RAMI4PILPS neglects the woody part of the vegeta-
tion (stems, branches). These have a major effect on
the surface albedo at high latitudes, especially when
the leaf area index is negligible and the solar zenith an-
gle is large and the ground is covered by snow. In these
cases, stems contribute a large part to shadowing of the
bright background (snow). An accurate representation
of this masking effect in models is important for the
sensitivity of surface temperature to surface albedo.
(d) Vegetation types within RAMI4PILPS that more
closely resemble plant functional types as deﬁned in
DGVMs would allow easier translation of results.
– Model re-parameterization could be used to compen-
sate (partly) for some of the biases observed between
models and references. Structural deﬁcits in canopy
RT schemes are not likely to be overcome with a re-
parameterization of models, but could reduce their
effect on model simulations. Some of the observed
faPAR and albedo biases may be reduced by sim-
ply changing model parameters like, e.g., leaf albedo
(αleaf), canopy single scattering albedo (ω) or speciﬁc
leaf area (SLA) to artiﬁcially converge model simu-
lations towards mean reference data. This might re-
duce considerably potential biases and thus potential
impacts on, e.g., global radiative forcing, although it
will not allow alleviating of regional biases.
– Improved consistency of existing schemes: the present
study has clearly shown that simpliﬁed albedo
schemes result in considerable biases and radiative
forcing which is not negligible. As a ﬁrst step, the sim-
pliﬁed surface albedo models should be replaced by
1-D RT schemes that are consistent with those used
by the same models when computing faPAR. An adap-
tation of the 1-D RT model for a consistent calcula-
tion of canopy absorption and reﬂectance should re-
quire medium effort, would be physically consistent
and could also provide more accurate calculations of
the surface albedo diurnal cycle.
– Effective radiative model parameters: a replacement
of 1-D canopy RT schemes by more complex 3-D
canopy RT schemes in DGVMs is not foreseeable
in the future as the required canopy structural infor-
mation required for 3-D models is not available as
prognostic variables from DGVMs and because of the
much higher computational costs of these models. Ef-
fective radiative model parameters, however, aim to
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obtain realistic surface ﬂux estimates and ﬂux parti-
tioning by means of physics-based 1-D radiative trans-
fer formulations (Pinty et al., 2006). Effective radiative
model parameters therefore compensate for inherent
differences in process descriptions between simple (1-
D) and complex (3-D) radiative modeling approaches.
The key challenge, however, is to develop a deter-
ministic or empirical relationship between model state
variables and radiative model effective parameters that
satisﬁes the consistency of canopy RT ﬂuxes in agree-
ment with observations. Pinty et al. (2006) have shown
that the 3-D canopy radiative transfer problem can be
approximated by a 1-D model using an effective leaf
area index as well as effective parameters for the veg-
etation optical properties. Different approaches have
been proposed to relate a leaf area index to an effective
leaf area index by deﬁning a structural parameter that
accounts for vegetation clumping (Yang et al., 2001;
Pinty, 2004; Ni-Meister et al., 2010; Haverd et al.,
2012). A new globally available data set of effective
RT model parameters as derived from satellite obser-
vations (Pinty et al., 2011) could facilitate RT model
parametrizations of DGVMs for different plant func-
tional types. Given the fact that it has been shown that
1-D models can provide appropriate RT ﬂuxes when
parametrized in the right way, these novel data set
provides a novel source for the re-parameterization of
canopy RT models at a global scale.
– As an alternative, effective vegetation model pa-
rameters or structural parameters may be obtained
through re-calibration using global satellite observa-
tions. Global satellite observations provide long-term
and high-resolution estimates of surface variables, like
surface albedo, faPAR and canopy radiation ﬂux par-
titioning (Tucker et al., 2005; Loew and Govaerts,
2010; Pinty et al., 2011). However, a direct assimi-
lation of geophysical EO products might be compli-
cated due to, e.g., different deﬁnitions of geophysical
variables among different products as well as between
aDGVM-andanEO-basedobservationaldataset.Un-
less the canopy RT schemes in DGVMs do not sat-
isfy basic principles of energy conservation and the
appropriate representation of canopy scattering pro-
cesses, an assimilation of EO-based surface albedo or
faPAR products in DGVMs might lead to erroneous
results. As an example, faPAR satellite products show
a wide range of variability due to different deﬁnitions
and algorithms applied for the retrieval. A comprehen-
sive review is given by Gobron and Verstraete (2009).
Dahlke et al. (2012) compared different globally avail-
able faPAR satellite products and found considerable
biases between the different data products, whereas
the vegetation seasonality was consistently captured
by the different investigated data products. Similarly,
an assimilation of satellite leaf area indices or faPAR
products in DGVMs might be complicated or impossi-
ble due to different canopy radiation schemes applied.
While DGVMs use 1-D canopy radiation schemes, as
discussed, some satellite-based products of vegetation
variables (LAI, faPAR) are based on the inversion of
3-D canopy radiation models (Myneni et al., 2002).
As a consequence, it is not physically valid to ingest
the retrieved values of for instance LAI into 1-D rep-
resentations such as those provided by two-stream ap-
proaches. The usage of effective variables in data as-
similation schemes is required instead.
5 Conclusions
Major conclusions of the present study are:
1. Considerable biases: currently used simpliﬁed canopy
RT schemes produce considerable biases in both sur-
face albedo and faPAR calculations. Very simple
albedo schemes result in large albedo biases (1α >
0.3) in snow-covered cases and also much higher
albedo biases for surfaces with a typical soil albedo.
Ourﬁrstassessmentoftheimpactsofthesebiasesindi-
cates that these deviations lead to a considerable radia-
tive forcing when not corrected for by an appropriate
model parameterization, while the faPAR differences
can lead to biased estimates of GPP.
2. Albedo diurnal cycle: considering the albedo diurnal
cycle in global surface albedo schemes is of major im-
portance. State-of-the-art DGVM and climate models
should therefore implement albedo schemes that con-
sider appropriately the surface albedo diurnal behav-
ior.
3. Physical inconsistency: canopy radiation schemes that
use separate approaches to simulate reﬂected and ab-
sorbed radiation ﬂuxes can lead to physically mean-
ingless results. For some of the simulated experiments,
it was clearly shown that the investigated models vio-
late the conservation law of energy for the canopy RT
ﬂuxes.
4. RAMI4PILPS continued: the current RAMI4PILPS
experiments (Widlowski et al., 2011) should be ex-
tended to provide more realistic settings for evaluat-
ing DGVMs. Such continued RAMI4PILPS experi-
ments may provide the basis for a more comprehensive
analysis to assess the impact of actual surface albedo
changes on the climate using simulations of a coupled
Earth system model.
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5. Using two-stream based 1-D canopy radiative transfer
schemes for faPAR and surface albedo calculations is
a useful approach to minimizing faPAR and albedo bi-
ases and to obtaining consistent estimates of absorbed
and reﬂected canopy radiation ﬂuxes. Such schemes
for radiative transfer in canopies are quite well under-
stood and the implementation of such accurate canopy
RT simulations in DGVMs should be comparably easy
compared to much more complicated processes like,
e.g., carbon ﬂuxes. The major challenge will, how-
ever, be to decide how to best link model prognostic
variables like, e.g., LAI to radiative effective variables
needed for a 1-D canopy RT model.
Implementing physically consistent canopy RT schemes in
DGVMs would allow for the assimilation of satellite-based
observations of canopy RT ﬂuxes at the global scale and open
new perspectives for DGVM model parameterization at the
regional to global scale. This paper is therefore a plea for
a more rigorous treatment of surface and canopy radiation
ﬂuxes in DGVMs, which has been largely neglected in the
past.
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Appendix A
Surface albedo deviations for VIS and NIR
Figure 5 shows surface albedo deviations for the entire solar
spectrum. The following ﬁgures show the deviations of surface
albedo for the visible and near infrared shortwave bands separately.
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Fig. A.1. Deviations of simulated surface albedo from RAMI4PILPS reference solutions (αmodel −αref) for the VIS spectrum
(0.3...0.7µm). Details of ﬁgure structure are the same as Figure 3
Fig.A1.DeviationsofsimulatedsurfacealbedofromRAMI4PILPS
reference solutions (αmodel −αref) for the VIS spectrum (0.3 to
0.7µm). Details of ﬁgure structure are the same as Fig. 3.
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Fig. A.2. Deviations of simulated surface albedo from RAMI4PILPS reference solutions (αmodel −αref) for the NIR spectrum
(0.7...3.0µm). Details of ﬁgure structure are the same as Figure 3
Fig.A2.DeviationsofsimulatedsurfacealbedofromRAMI4PILPS
reference solutions (αmodel −αref) for the NIR spectrum (0.7 to
3.0µm). Details of ﬁgure structure are the same as Fig. 3.
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Fig. A3. PFT distribution for grassland and forests.
Fig. A4. CERES EBAF2.6 surface (left) solar radiation ﬂux and calculated one-way atmospheric transmissivity (right).
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Fig. D.1. Canopy transmission as calculated using (24) by assuming energy conservation. Red labels indicate a clear inconsistency in the
canopy ﬂux estimates. Details of ﬁgure structure are the same as Figure 3
Fig. A5. Canopy transmission as calculated using Eq. (24) by assuming energy conservation. Red labels indicate a clear inconsistency in the
canopy ﬂux estimates. Details of ﬁgure structure are the same as Fig. 3.
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Appendix B
PFT distributions
See Fig. A3.
Appendix C
CERES radiation and one-way transmissivity
The climatological mean one-way atmospheric transmissiv-
ity was derived from CERES top-of-atmosphere and surface
radiation ﬂuxes using Eq. (17). The resulting distribution of
0↓ is shown in Fig. A4.
Appendix D
Energy conservation
The energy conservation was tested by estimating the theo-
retical canopy transmission (T) under the assumption of en-
ergy conservation. The following ﬁgures show where the en-
ergy conservation is clearly violated (red). Note however that
experiments with 0 ≤ T ≤ 1 can also be physically inconsis-
tent, which could not however be tested, as the values for T
are not available from the models.
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